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Abstract

How do small firms grow when markets shift? We surveyed 312 Micro, Small, and Medium Enterprises
(MSMEs) in West Java and compared four simple “strategies” for turning capabilities into revenue growth:
Agility-led, Relationship-led, Big-bet, and Dual-lever (relationships + scope + speed). For each firm, we
estimated the four options and assigned the one that best explained its results. One pattern stood out:
relationships with customers, suppliers, and local institutions matter most both directly and, even more, by
helping firms diversify products, channels, and resources. Moving faster on its own was not a safe bet; speed
helped only when combined with strong relationships and a clear plan to expand scope (the Dual-lever
archetype). Sector patterns were modest: culinary firms tended to be Relationship-led, while technology firms
were fully Dual-lever. We translate these findings into practical playbooks: build partner ties first, expand scope
next, and add speed once the complements are in place.

Keywords: Business Strategy; MSME performance; relational capital; diversification; strategic archetypes.

Introduction

Micro, small, and medium enterprises (MSMEs) are the backbone of Indonesia’s
economy and a central lever for inclusive growth (Sinha, Sinha, & Sinha, 2024). In West
Java—home to dense creative and manufacturing clusters—provincial plans increasingly
emphasize digitalization and collaborative governance to raise productivity and market access
(Fauzi & Faizien, 2024; Indrayani, Murdiyana, Nurnawati, Guntoro, & Nainggolan, 2024).
Yet many MSMEs still face a capability gap: digital transformation proceeds unevenly,
constrained by limited skills, weak partner linkages, and fragmented resources (Rupeika-
Apoga & Petrovska, 2022; Arisena et al., 2024; Lei, Indiran, & Kohar, 2023; Purnomo,
Nurmalitasari, & Nurchim, 2024).

Strategic management research suggests that performance in turbulent contexts hinges
on dynamic capabilities—sensing, seizing, and reconfiguring—to convert technological
options and market signals into outcomes (Bitencourt, De Oliveira Santini, Ladeira, Santos,
& Teixeira, 2020; Hernandez-Linares, Kellermanns, & Lopez-Fernandez, 2020; Weaven et
al., 2021; Dejardin et al., 2022; Troise, Corvello, Ghobadian, & O’Regan, 2022). For
Indonesian MSMEs, recent evidence echoes this: digitalization and agility capabilities
correlate positively with resilience and performance (Putritamara et al., 2023; Setiawan,
Pamungkas, Mekaniwati, & Kusuma, 2025).

Within this broad lens, three capability domains repeatedly surface in MSME settings.
Speed of adaptation—the ability to make, implement, and evaluate changes quickly—can
raise innovation speed and, in turn, financial outcomes (Wang, Cai, Liang, Wang, & Xiang,
2018). Diversification—across products, markets, and organization/resources—has nuanced
effects: it can buffer shocks and open growth paths, but benefits depend on scope and
execution (Miocevic, 2021; Arte & Larimo, 2021; Wu, Chen, & Jiao, 2016). Relational
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capital—deep customer feedback, partner collaboration, and ecosystem embeddedness—both
accelerates capability development and links to performance (Yi, Li, Hitt, Liu, & Wei, 2016;
Long & Zhao, 2022; Corvino, Caputo, Pironti, Doni, & Martini, 2019). These strands
motivate our comparative focus on Speed, Diversification, and Relational Capital as proximal
drivers of MSME financial performance.

Despite rich case and single-model studies, two gaps remain. First, most analyses test
one causal story at a time (e.g., “relationships help performance”) rather than adjudicating
rival strategic logics that specify different directions and mediating channels among Speed,
Diversification, and Relational Capital. Second, external usefulness is seldom verified
without out-of-sample prediction, which is critical for policy and managerial deployment in
MSME programs. Addressing both gaps is practically important in West Java, where public
and private actors must prioritize tools (e.g., partner matchmaking, diversification discipline,
capability coaching) to the realities of varied MSME pathways (Indrayani et al., 2024; Fauzi
& Faizien, 2024).

We therefore compare four rival models (A-C, E) that encode distinct, theory-based
mechanisms linking these capabilities to Financial Performance. Each model is estimated on
a common measurement backbone using a two-stage PLS-SEM with formative higher-order
composites for the three capability domains, and tested with consistent PLS (PLSc) and bias-
corrected bootstrap inference. To establish practical value, we evaluate predictive validity via
PLSpredict (10-fold x10 repetitions) and baseline comparisons (CVPAT). Finally, we
translate rival-model evidence into an archetype mapping assigning each firm to the model
that best predicts its performance so policymakers and mentors can target interventions (e.g.,
strengthening partner ties vs. focusing diversification magnitude/frequency vs. execution
speed) to the archetype most consistent with a firm’s data (Putritamara et al., 2023; Setiawan
et al., 2025).

Our contributions are threefold. Substantively, we provide West Java—grounded
evidence on which strategic logic most plausibly underpins MSME financial performance,
while also speaking to MSME policy in Indonesia and comparable emerging regions (Sinha
et al., 2024; Indrayani et al., 2024). Methodologically, we integrate rival-model testing with
predictive validation, moving beyond in-sample fit. Managerially and for policy, the
archetype lens yields actionable guidance for capability investments and partner engagement
tailored to local industry structures.

Methods
Data Sampling

The written-informed consents to the participants in the study have been declared prior
to filling out questionnaires, interviews, and discussions. The questionnaire was filled up by
312 MSME owners or managers in West Java, Indonesia. Agrofood, creative industries,
services, fashion, handicrafts, herbal, and culinary were among the sectors represented by the
respondents. West Java had a significant number of MSMEs and played a vital role in the
national economy. According to 2023 data, with a number of more than 4.63 million, MSMEs
in West Java contributed over 60% to national GDP and employed 97% of the workforce. The
questionnaire was developed by adapting pre-existing MSME survey instruments and
conducting a literature analysis to guarantee the instrument's validity and contextual
relevance. To find any ambiguous or unclear elements, a pilot test was carried out on a small
group of MSME owners in West Java. Five MSME owners, each chosen to represent one of
the primary industries covered by the study, participated in in-depth interviews after the pilot
test.
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These interviews gave direct input on the questionnaire's practicality, relevance, and
clarity, ensuring that the instrument addressed the unique characteristics and needs of
different industries. Insights from these interviews were used to further refine and finalize the
questionnaire. Respondents for the main survey were selected using judgmental (purposive)
sampling, targeting MSME owners or managers who were active in their sector, located in
West Java, and Indonesian citizens. Data collection was conducted online via Google Forms.

Statistical analyses such as Cronbach's alpha, composite reliability, average variance
extracted (AVE), and Fornell-Larcker discriminant validity tests were used to further validate
the validity of the instrument. By taking all these steps, the questionnaire's validity and
reliability were guaranteed, and the data appropriately represented the target MSME
population across key industry sectors.

Measures and Coding

As in Table 1, all items were coded so that higher values indicate more of the intended
construct (faster speed, broader diversification, stronger relational capital, better
performance). Reverse-worded items were recoded prior to analysis. As pre-registered, items
Q9, Q12, Q15 are excluded from structural models and retained for descriptives/robustness.

Table 1: Constructs, item codes, response options, numeric coding, and scoring
notes
Response  options | Numeric
Construct / variable Items shown to | code Scoring
(Q#) respondents used in | direction/notes
(English) analysis
Firm age Q7 Less than 1 year; 1- | 1; 2; 3;4 | Higher = older
3 years; 3-5 years; firm
More than 5 years
Initial capital (excluding | Q8 < Rp 50 million; Rp | 1; 2; 3; 4; | Higher = larger
land/buildings) 50-500 million; Rp | 5 initial capital
500 million-1
billion; > Rp 1-<
Rp 5 billion; > Rp
5-—<Rp 10 billion
Decision speed (time to|Q10-Q11 |< 1 week; 1-2|5;4;3;2; | Reverse-coded
decide a change) weeks; 3—4 weeks; | 1 —  higher =
1-2 months; > 2 faster
months
(Dropped from structural | Q9, Q12, | < 1 week; 1-2|5;4;3;2; | Reverse-coded
analysis;  retained  for | Q15 weeks; 3-4 weeks; | 1
descriptives) 1-2 months; > 2
months
Implementation speed (time | Q13-Q14 | < 1 week; 1-2|5;4;3;2; | Reverse-coded
to implement a change) weeks; 3—4 weeks; | 1 —  higher =
1-2 months; > 2 faster
months
Evaluation speed | Q16-Q18 | Never (not | 0; 1; 2; 3; | Higher = more
(frequency of relevant); < 1 |4;5;6;7 |frequent
review/benchmark/revision) time/year; 2 evaluation
times/year; 34
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Response  options | Numeric
. Items shown to | code Scoring
CRTSIUEL S WElElsl & (Q#) respondents used in | direction/notes
(English) analysis
times/year; 5-6
times/year; 7-9
times/year; 10-12
times/year; > 12
times/year
Diversification Q19-Q30 | Never (not | 0; 1; 2; 3; | Higher =
(Product/Service; relevant); < 1 |4;5;6;7 |broader/more
Market/Channel; time/year; 2 frequent
Organization/Resources) times/year; 34 diversification
times/year; 56 activities
times/year; 7-9
times/year; 10-12
times/year; > 12
times/year
Relational capital | Q31-Q38 | Never (not | 0; 1; 2; 3; | Higher =
(Customer feedback relevant); < 1 |4;5;6;7 | stronger/more
intensity; Partner time/year; 2 frequent
collaboration depth; times/year; 3-4 relational
Ecosystem & institutional times/year; 5-6 activities
embeddedness) times/year; 7-9
times/year; 10-12
times/year; > 12
times/year
Stakeholder trust/support Q39 Not at all; Very|O0;1;2;3; | Higher =
low; Adequate; | 4 stronger
High; Very high perceived
support
Industry  trend speed | Q41 Trend does not|0;1;2;3 |Higher = faster
(environmental dynamism) change; Trend trend turnover
persists > 2 years;
Trend changes
every 1-2 years;
Trend changes in <
1 year
Owner  dominance  in | Q43 Not dominant (team | 1; 2; 3 Higher = more
strategic decisions jointly decides); centralized
Moderately decisions
dominant  (owner
leads, team
involved); Highly
dominant  (owner

decides alone)
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Response  options | Numeric
. Items shown to | code Scoring

CRTSIUEL S WElElsl & (Q#) respondents used in | direction/notes

(English) analysis
External influence  on | Q44 Not significant | 1; 2; 3 Higher =
strategic decisions (decisions free of stronger external

interference); sway

Moderately

significant (external

input, firm makes

final decision);

Highly significant

(external actors

strongly shape

decisions)
Financial performance — | Q45 Declined < 0%; 0- | —1; 1; 2; | Preserves
revenue growth (last 12 5%; 6-15%; 16— |3;4 contraction ()
months) 30%; > 30% vs growth (+)
Personnel performance — | Q46 Decreased (-1 or|—1; 0; 1; | Ordered
change in employees (last more); No change | 2; 3 categorical
12 months) (stable); Increased

(1-2); Increased (3—

5); Increased (> 5)
Digital ~ customers  — | Q47 Decreased > 10%; | —2; —1; | Symmetrical
change in online Decreased 1-10%; | 0; 1;2 around zero
customers/followers Stable (= 0%);

Increased  1-10%;

Increased > 10%
Items Q9, Q12, Q15 were excluded from structural models and retained for

descriptives/robustness.

Descriptive Statistics, Reliability, and Validity
This section reports descriptive statistics for the higher-order composites (HOCs) and
outcomes, then evaluates reliability, convergent validity, discriminant validity, and common-

method bias, as in Table 2.

Table 2

Distributions for stage-2 composites (SPEED, DIV, RC) and outcomes (PF, PP, PD)

Construct N Mean | SD Min Max Skewness NI
(excess)

Speed of | 312 0 1 -1.844 | 2.012 |0.184 -1.384
Adaptation
Diversification | 312 0 1 -2.058 |1.863 |-0.046 -1.488
Relational 312 0 1 -2.201 | 2.208 |-0.028 -1.392
Capital
Financial 312 2301 0987 |-1 4 0.05 -0.712
Performance
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Personnel 312 1.551 1.058 -1 3 -0.037 -1.155
Performance

Digital 312 0638 |1.158 |-2 2 -0.581 | -0.535
Customers

Because Stage-2 composites are standardized, SPEED/DIV/RC show mean = 0, SD =
1; outcome variables retain their original scaling.

Result and Discussion
Estimation setup

As in Table 8, we estimated four rival structural models (A, B, C, E; D was estimated
for completeness but screened from focal comparisons) at Stage-2 using Consistent PLS-
SEM (PLSc) in SmartPLS 4. Stage-1 first estimated the reflective first-order facets and saved
their latent scores; Stage-2 then formed formative higher-order composites (SPEED, DIV,
RC) via Mode B and estimated structural paths to PF.

Uncertainty was assessed with Consistent PLS-SEM bootstrapping (two-tailed, BCa
95% confidence intervals, N = 10,000 resamples, fixed seed; sign changes = Individual). We
report standardized path coefficients (B), BCa 95% CIs, p-values, and R%(PF). Specific
indirect effects are reported only when structurally implied by a model’s arrows (A: none;
B/E: RC—DIV—PF and RC—SPEED—PF; C: SPEED—-MG—PF; D: RC—DIV—PF and
RC—SPEED—PF). Out-of-sample predictive validity is evaluated via PLSpredict with 10-
fold cross-validation x 10 repetitions (fixed seed) and CVVPAT comparisons versus indicator-
average and linear baselines.

Table 8 Estimation setup (Stage-2 PLSc; Consistent bootstrapping)
Field Value

Sample size (N) 312

Software SmartPLS 4

Two-stage: Stage-1 reflective facets — save scores; Stage-2
PLSc (Path weighting; standardized results)

Higher-order constructs | Stage-2 formative HOCs (SPEED, DIV, RC; Mode B)
First-order reflective | Speed: DS, 1S, ES; Diversification: DOR, DPS, DMC;

Stage & estimation

blocks Relational: RCP, RCE, RCC
Endogenous outcome Financial Performance (PF) (Q45)
Consistent PLS-SEM bootstrapping, two-tailed, BCa 95%
Bootstrapping Cls, N = 10,000 resamples, fixed seed; sign changes =
Individual.

PLSpredict (10-fold x 10 reps, fixed seed, target = PF) +
CVPAT vs indicator-average & linear baselines

A, B, C, E (reported); D estimated but screened from focal
comparisons

Predictive evaluation

Rival models

Out-of-sample predictive performance (PLSpredict 10x10; CVPAT)

As in Table 9, we evaluate predictive validity using PLSpredict with 10-fold cross-
validation x 10 repetitions (fixed seed; target = PF). For each rival m € {4, B, C, E} (Model D
was estimated but is screened from focal comparisons), we report Q2_predict and MAE (PLS)

1839




LEX LOCALIS-JOURNAL OF LOCAL SELF-GOVERNMENT
ISSN:1581-5374 E-ISSN:1855-363X - LEA—
VOL. 23, NO. 10(2025) LOCALIS

and benchmark against linear (LM) and indicator-average (IA) baselines using CVPAT.
Higher Q2_predict and lower MAE indicate stronger predictive performance.
Table 9
Out-of-sample predictive quality (PLSpredict / CVPAT,; LV level, PF only) (Lower MAE
is better; PLS-SEM beats both LM and 1A across models; Q2 predict > 0 indicates
meaningful predictive power.)

Q2 predict MAE  (Linear | MAE (Indicator
e (PF) ME (P Model) Average)
Model A (Agility-led) 0.163 0.728 0.834 0.979
Model B (Relationship- | 0.127 0.774 0.842 0.979
led)
Model C (Big-bet) 0.162 0.749 0.824 0.979
Model E (Dual-lever) 0.125 0.775 0.842 0.979

Archetype assignment from PLSpredict
Each firm i is assigned an archetype (4, B,C,E) By comparing absolute prediction
errors on PF across rivals and selecting the smallest error:

= |y — 5™ g = in e,
e; yi=3™| ay=arg min e

To guard against razor-thin wins, we also report an g-ambiguity sensitivity: a case is labeled
Ambiguous if the gap to the runner-up is e;? — e;() < &, (here we use € = 0.02 PF-units).
Assignments use identical folds/repetitions and seed across rivals. We obtain the models in
Table 10 (10 and 11).

Table 10
Empirical archetypes from PLSpredict (strict assignment, € = 0.00)
Archetype n Share (%)
Model A — Agility-led 151 48.4
Model B — Relationship- | 23 7.4
led
Model C — Big-bet 47 15.1
Model E — Dual-lever 91 29.2
Ambiguous 0 0
Total 312 100

Notes: Assignment uses the winner-takes-best-prediction rule based on cross-validated
absolute PF errors. € is the minimum error-gap between the best and runner-up models, below
which a case is flagged Ambiguous. Rounding may cause totals to differ by +0.1.

Table 11 Robustness checks archetype shares (%) across ¢

€ =g =
Archetype £=10.00 0.01 0.02
Model A — Agility-led 48.4 43.9 39.7
Model B — Relationship-

led 7.4 2.9 0.3
Model C — Big-bet 15.1 13.8 11.2

1840




LEX LOCALIS-JOURNAL OF LOCAL SELF-GOVERNMENT
ISSN:1581-5374 E-ISSN:1855-363X
VOL. 23, NO. 10(2025)

Model E — Dual-lever 29.2 20.5 7.7
Ambiguous 0 18.9 41
Sum 100 100 100

Hypothesis testing (Stage-2 PLSc; BCa 95% CIs)

We test directional and non-directional hypotheses using bias-corrected and accelerated
(BCa) 95% confidence intervals from the Stage-2 PLSc models. Decision rules follow our
preregistered criteria: for f > 0, support requires £ > 0 and BCa-Cl entirely > 0; for 8 <
0, <0 and CI entirely < 0; for 8 # 0, Cl must exclude 0; for § < 0, the upper ClI
bound must be < 0. Mediation hypotheses are evaluated on specific indirect effects; support
requires the indirect BCa-Cl to exclude 0 with the expected sign. We report model-wise
results below and provide full coefficients and Cls in Tables 4.4a—4.4e.

Model A — Agility-led (parallel predictors)

The results are in Table 11 (11a and 11b).

Hypotheses: H Al (SPEED — PF, f > 0), H_A2 (DIV — PF, § > 0), H A3 (RC — PF, >
0). (No mediations.)

Findings: H_A3 supported (Relational Capital — PF); H_A1l and H_A2 not supported. This
indicates that, within a purely parallel specification, relational ties (not speed or
diversification alone) explain variation in PF.

Table 12 Direct-path hypothesis tests (Model A, PLSc; BCa 95% CI)

Expecte LL B|ULB .
Path d B SE t p Ca Ca Decision
DIV — 0.84 |-0.17 Not
PE B>0 0.049 |0.103 |0.19 6 8 0.209 supported
RC—PF |B>0 0.205 | 0.088 |2.44 2'01 0.028 | 0.37 Supported
SPEED —0.16 0.20 | -0.42 Not
= PF B>0 3 0.195 |1.26 y 5 0.262 supported

R2 (PF) for Model A: 0.210
Model B —Relationship-led
Direct paths: H Bl (RC — DIV, p > 0), H B2 (RC — SPEED, f # 0), H B3 (DIV — PF,
>0), H B4 (RC — PF, > 0).
Mediation (implied by the diagram): H B5 (RC — DIV — PF). (Note: B does not include
SPEED — PFE, so RC — SPEED — PF is not modeled and is not tested.)
Findings: H_B1, H B3, H_B4 supported (RC strongly enables DIV; both DIV and RC raise
PF); H_B2 not supported (RC does not exhibit a robust non-zero link to SPEED). H_B5
supported: RC improves PF indirectly via DIV, consistent with a relationship-enabled
diversification mechanism.

Table 13 Direct-path hypothesis tests (Model B, PLSc; BCa 95% CI)

Path Expected | B SE t p LL_BCa | UL_BCa | Decision
IIS(I:V - B>0 0.586 | 0.061 | 9.57 | <.001 | 0.458 0.691 Supported
RC — |B#0 0.065 | 0.083 | 0.78 | 0.434 | —0.122 | 0.233 Not
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SPEED supported
PV = 1p>0 0325 0086 |377 |<001|0.123 | 0491 | Supported
RC T 1p>0  |0271 0088 |3.07 |0002 |0.083 |0.46 Supported

R? (PF) for Model B: 0.289
Model C — Big-bet
The results are in Table 14.
Direct paths: H C1 (SPEED — MG, > 0), H C2 (MG — PF, 3>0), H C3 (FR — PF, B <
0), H C4 (RC — PE, > 0).
Mediation (implied): H_C5 (SPEED — MG — PF).
Findings: The SPEED — MG link does not follow the expected positive direction, and MG
— PF does not clear the BCa-CI threshold in this sample. FR — PF is not supported for the
“< 0” claim, and RC — PF shows evidence consistent with a positive association in Big-bet
only when the CI excludes zero (see Table 13 for exact bounds). The indirect chain SPEED
— MG — PF is not supported. Overall, the pure Big-bet mechanism is weak in this dataset
relative to relationship-enabled pathways.

Table 14 Direct-path hypothesis tests (Model C, PLSc; BCa 95% CI)

Path Expected | SE t LL_BCa | UL_BCa | Decision
ﬁ/IPgED ~1p>0 0.262 |0096 |273 |0.048 |0.06 Supported
MG —-PF |B>0 0.41 0.101 |4.05 |0.643 0.18 Supported
_ _ Not supported
FR — PF B<0 0.110 | 0.091 |1.21 0.312 0.06 (UL BCa > 0)
RC — PF >0 0.142 |0.082 |1.73 |-0.014 0.302 Not supported

R2 (PF) for Model C: 0.244

(Note: the p-value column in the C export isn’t reliable across all rows, so decisions strictly
follow BCa Cls and expected signs.)

Model E Dual-lever (no direct RC — PF)

The results are in Table 13.

Direct paths: H E1 (RC — DIV, B> 0), H E2 (RC — SPEED, § > 0), H E3 (DIV — PF, B
> 0), H _E4 (SPEED — PF, p > 0).

Mediations: H E5 (RC — DIV — PF), H E6 (RC — SPEED — PF).

Findings: H_E1 and H_E3 supported (RC strongly raises DIV; DIV raises PF). H E2 and
H_E4 are not supported (RC does not raise SPEED; SPEED does not raise PF). Yet, both
mediations are supported—especially RC — DIV — PF—showing that relationships lift
performance primarily by enabling scope (DIV) rather than by accelerating speed alone.

Table 15 Direct-path hypothesis tests (Model E, PLSc; BCa 95% CI)

Path Expected | B SE t p LL BCa | UL_BCa | Decision
IS(IDV_) >0 0.612 | 0.056 | 10.87 | <.001 | 0.497 0.706 Supported
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RC —
SPEED B>0 0.334 | 0.068 | 4.91 | <.001 | 0.201 0.444 Supported
PV 1p>0  |0242|0.082|294 0004|0053 |0389 | Supported
> 20 p>0 | 0227 |0.081|279 |0.005 0057 |0374 | Supported

R? (PF) for Model E: 0.172
Specific indirect effects (summary)

We compile the specific indirects, as in Table 14, only for the models where they are
structurally implied: B: RC — DIV — PF; C: SPEED — MG — PF; E: RC — DIV — PF
and RC — SPEED — PF. (As noted, B: RC — SPEED — PF is not modeled and is not
tested.) Consistent with the model-wise results, relationship-enabled diversification emerges
as the most reliable mediated pathway to PF, whereas speed-based chains do not generalize in
this sample.

Table 16 Mediation tests (Models B, C, E; PLSc; BCa 95% CI)

Model | ndirect LL BCa| UL BCa
path
B RC o 0.08 0.569

DIV —
PF

Expected Decision

p>0

B_indirect

0.311

Supported

SPEED
— MG —
PF

p>0

—0.108

—0.416

0.086

Not
supported

RC

p>0

0.184

0.023

0.35

Supported

N
DIV —
PF

E RC
SPEED
— PF

— | B>0 0.176 0.037 0.296 Supported

Screened rival (Model D)

Model D, as in Table 15, is estimated for transparency and excluded from the focal
comparisons in 884.2-4.4. Its structure includes RC — DIV, RC — SPEED, DIV — PF,
SPEED — PF, and RC — PF, with implied mediations RC — DIV — PF and RC — SPEED
— PF. We use Stage-2 PLSc with BCa 95% ClIs (10,000 resamples; standardized
coefficients).

Direct paths. Results show a very strong positive RC — DIV (f = 0.889, BCa 95% CI [0.854,
0.917]); non-significant RC — PF (B = 0.028, [-0.246, 0.282]) and DIV — PF (B = 0.187,
[-0.105, 0.500]); and reliably negative links for RC — SPEED (B = —0.770, [—0.802,
—0.722]) and SPEED — PF (B = —0.223, [-0.382, —0.054]). The model explains R*(PF) =
0.172. Taken together, Model D does not overturn the main narrative: relationship assets
enable scope (DIV), while greater speed is associated with lower PF in this specification.
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Table 17 Model D — Direct paths (PLSc; BCa 95% CI)

Path B SE t LL BCa | UL _BCa | Decision
S5, T |osss |0016 |5634 |0854 | 0917 | Supported
RC —| _ _ Supported
spEED | 0770|002 |388 |08z |-0722 | EROTEC
]F?;V ~ 0187 |0154 |117 |-0.105 |05 Not supported
SPEED | _ _ Supported
e 0223 0084 |265 |-0382 |-0054 | JEPOTE
RS T lo028 |0135 025 |-0246 |0282 | Notsupported

R2 (PF): 0.172.
Specific indirect effects. Consistent with the arrows, we test two chains:
1. RC — DIV — PF: B_indirect = 0.160, BCa 95% CI [—0.093, 0.454] — Not supported (CI
includes 0).
2. RC — SPEED — PF: B indirect = 0.171, BCa 95% CI [0.041, 0.295] — Supported (CI
excludes 0).

This second mediation, as in Table 16, is formally positive because it is the product of
two negatives (RC reduces SPEED; SPEED reduces PF); it does not imply that increasing
SPEED is beneficial. Substantively, RC — DIV — PF remains the more intuitive route for
translating relational assets into performance, aligning with our focal models.

Table 18 Model D — Specific indirect effects (PLSc; BCa 95% CI)

Indirect path B_indirect | LL_BCa | UL_BCa | Decision

I;E — DIV = 0.16 —-0.093 0.454 Not supported
RC — SPEED

L PF 0.171 0.041 0.295 Supported

Heterogeneity by Industry (Exploratory)

As in Table 17, we link the strict archetype assignments (¢ = 0.00; winner = smallest
median absolute error on PF across Models A-C-E) to the industry each MSME operates in.
Table 18 reports the Industry x Archetype cross-tabulation (counts), and Table 4.8 reports
row-normalized shares. A Pearson chi-square test using the counts indicates a modest
association between industry and archetype (y*> = 35.106, df = 21, p = 0.027; Cramér’s V =
0.194), suggesting small-to-moderate differences in composition by sector.

Table 19 Industry X Archetype (counts; € = 0.00)

Industry A B C E Total
Agrofood  Sector (Agriculture,

Livestock, and Food Production) 2 4 S 1 12
Fashion and Apparel Industry 11 8 5 12 36
Creative Industries (Design, | 1 1 4 1 7
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Content, and Media)

Service Sector (Agencies, Travel, 1 3 1 0 5
Photography)

Handicraft Industry 12 7 3 6 28
Chemical and Herbal Industry 0 2 2 2 6
Culinary  Industry (Food and 35 83 56 43 217
Beverages)

Technology Sector (Information

Technology and Digital | 0 0 0 1 1
Innovation)

Table 20 Industry x Archetype (row-normalized shares; € = 0.00)
Industry A B C E

Agrofood Sector (Agriculture, Livestock,
and Food Production)

0.167 |0.333 |0.417 |0.083

Fashion and Apparel Industry 0.306 |0.222 |0.139 |0.333
Crea_tlve Industries (Design, Content, and 0143 lo0143 los71 |o0143
Media)

Service  Sector  (Agencies,  Travel, 0.2 0.6 0.2 0
Photography)

Handicraft Industry 0.429 |0.25 0.107 |0.214
Chemical and Herbal Industry 0 0.333 |0.333 |0.333
Culinary Industry (Food and Beverages) 0.161 |0.382 |0.258 |0.198
Technology Sector (Information 0 0 0 1

Technology and Digital Innovation)

From Table 20 (shares). Several regularities emerge:

1.

Culinary Industry (largest sector, N = 217) shows a Relationship-led center of gravity (B =
0.382) with sizable Agility-led (A = 0.161) and Dual-lever (E = 0.198) minorities. This
echoes our structural and predictive results that relational ties and scope dominate over
stand-alone speed.

. Fashion and Apparel is multi-modal, with a balanced split between Agility-led (A = 0.306)

and Dual-lever (E = 0.333), and a smaller Relationship-led segment (B = 0.222). This
suggests strategy variety (agility and scope) in markets with rapid design cycles and
channel diversification.

. Handicraft tilts Agility-led (A = 0.429) with Dual-lever as the secondary share (E = 0.214).

Given small-batch, design-driven operations, faster decision/implementation cycles likely
matter, but scope/partnerships still play a role.

Service Sector (agencies/travel/photography) leans heavily on Relationship-led (B =
0.600), consistent with reputation and client-network dependence.

. Creative Industries are Big-bet heavy (C = 0.571), consistent with project-based bets on

product/market fit and high variance in outcomes.

. Technology is fully Dual-lever (E = 1.000), matching the idea that combining scope

(diversification) and relational embedding outperforms pure speed.
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We reveal that MSMEs in West Java, Indonesia, comprise four models, which are
Agility-led (48.4%), Relationship-led (7.4%), Big-bet (15.1%), and Dual-level (29.2%). To
attain a competitive advantage with the implications of high financial performance, MSME is
supposed to integrate the resources and value-chain activities (Karna, Richter, &
Riesenkampff, 2016). In this regard, the Relational Capital is pivotal in integrating them to
attain the necessary competencies and implement the business strategy. The models that
comply with the Relational Capital-intensive roles are Relationship-led and Dual-lever,
encompassing 7.4% and 29.2%. In particular, the Dual-lever model, although it is not
prevalent, may potentially spawn both speed and the related diversification.

The dominant Agility-led model in West Java is an unintegrated-manner which is
unplausible to attain competitive advantage. Likewise, the Big-bet model has
disadvantageous implications to performance since it emphasized solely on speed and
frequency to performance and undermined the strategic investment and trade-off policies on
competencies. In this model, ubiquitous experience in Indonesian MSMEs undertaking
frequent changes of products and services, which are misaligned with strategy should be
avoided.

Three themes cut across the four focal rivals estimated on a shared measurement
backbone. First, Relational Capital (RC) is the pivotal enabler: it directly improves PF where
specified (Models A and B) and it indirectly improves PF via Diversification (DIV) in models
where RC builds scope first (B and E). In E, RC also raises SPEED, and both DIV—PF and
SPEED—PF are positive, yielding two supported mediations (RC—DIV—PF and
RC—SPEED—PF).

Second, Speed of Adaptation on its own is not a universally reliable driver of PF. In A it
is not supported; in B it is not modeled to PF; in C, elements of the “big-bet” chain appear in
the direct links but the overall SPEED—MG—PF indirect is not supported; in E,
SPEED—PF is positive—but in tandem with RC and DIV. Taken together, speed “pays”
when meshed with relationships and scope, not as a stand-alone lever.

Third, out-of-sample predictive validity is consistently positive across rivals
(Q2_predict > 0; PLS beats LM and 1A), supporting practical usefulness for firm-level
decision guidance. The archetype mapping from PLSpredict shows most MSMEs are best
explained by Agility-led (A) or Dual-lever (E), with smaller Relationship-led (B) and Big-bet
(C) segments; sectors differ in composition (e.g., Culinary — B-heavy; Technology — E-
only), and the industry x archetype association is statistically significant with a small-
moderate effect size.

Theoretical Contributions

Relational Capital is a fundamental driver, Speed of Adaptation is only useful when
combined with other capabilities, and a prediction-based archetype approach offers a more
nuanced lens for understanding firm performance.

1. Reconceptualizing Dynamic Capabilities: From a Monolithic View to an Archetype
Approach

Traditionally, the literature on dynamic capabilities—the ability to sense, seize, and
reconfigure resources—is often treated as a concept that tends to be uniform and always
positive for performance. This study empirically challenges this view.

This study demonstrates that dynamic capabilities (Speed, Diversification, and
Relational Capital) do not operate in parallel and independently, as tested in Model A
(Agility-led), which appears to have a weak influence path. Instead, these capabilities operate
in different configurations or "archetypes,” where their interaction and sequence are crucial.
The finding that speed alone is insufficient is an important correction to the often context-
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deficient "move fast and break things" mantra. Future research should shift from examining
dynamic capabilities as independent predictors to a configurational or archetype approach.
Theory needs to be more explicit in modeling how different combinations of capabilities
(such as Model E - Dual-lever) create competitive advantage.

There is a need to develop a theory on "capability sequencing” in MSMEs. This study
implicitly suggests the sequence "Build Relationships — Expand Scope — Increase Speed."
Future theory should validate whether this sequence is universally applicable or context-
dependent, as suggested by Karna et al. (2016).

2. Elevating the Role of Relational Capital as an Antecedent "Meta-Capability”

The literature has long recognized the importance of relational capital for capability
development and performance. However, this study provides strong evidence that its role is
more than just one of many capabilities; it serves as a foundation.

In the models that most successfully explain performance (Models B and E), Relational
Capital (RC) serves as an antecedent that enables or activates other capabilities such as
Diversification (DIV) and Speed (SPEED). Without strong RC, diversification or speed-
enhancing efforts are less effective. This aligns with the idea that relational embeddedness
accelerates capability development, but this study positions it as a crucial starting point.
Dynamic capability theory in MSMEs should explicitly model Relational Capital as a "meta-
capability,” or a higher-order antecedent capability that forms the conditions for the
development of other operational (first-order) capabilities.

3. Researchers should test mediation mechanisms more systematically

Instead of testing RC — Performance, a more accurate theoretical model, as
demonstrated by this study, is RC — Other Capabilities (e.g., Diversification) —
Performance. This would help open the "black box™ of how exactly social relationships
translate into financial outcomes.

4. Theorizing the "Cost of Speed" and Context Dependence

Much of the literature assumes a positive linear relationship between speed and
performance. This study provides strong counter-evidence, suggesting that speed can be
irrelevant or even counterproductive if not managed in the right context. In Model A, the
SPEED — PF path is insignificant. In the explored Model D, the SPEED — PF relationship
is even significantly negative. Only in Model E, where SPEED is activated by RC and
operates concurrently with DIV, does it have a positive impact. This implies a "cost of
speed"—nhasty action without relational support and strategic focus (diversification) can
waste resources and harm performance. Future theory needs to move beyond the "faster is
better" assumption and explicitly incorporate contingency factors that determine the
outcomes of speed. Relational capital and the discipline of diversification should be theorized
as key moderators that alter the relationship between speed and performance. Developing a
theory of "optimal speed” for MSMESs. Rather than maximizing speed, theory should focus
on synchronizing speed with the development of other complementary capabilities, in line
with the findings of this study.

5. Integrating Rival Model Testing and Predictive Validation for Theory Building

This study methodologically critiques research that only tests a single causal hypothesis
and relies on in-sample fit. The approach used here has profound implications for how theory
is built and tested. By directly comparing four different "strategic logics" (Models A, B, C, E)
and using out-of-sample predictive validation (PLSpredict) to determine which model is most
practically useful, this study demonstrates a path to more robust and relevant theory. This
process forces researchers to ask not simply "does X affect Y?" but "which causal logic best
explains Y?". The field of strategic management, particularly in MSME studies, should adopt
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rival model testing as standard practice. This promotes theoretical rigor by requiring the clear
specification of alternative causal mechanisms.

Predictive validation should be an additional criterion in addition to statistical
significance for evaluating theories. A theory must not only be able to explain existing data
(explanatory power), but also have the ability to predict outcomes on new data (predictive
power). This ensures that the developed theory is not only academically elegant but also
useful in the real world.

Managerial implications (archetype-specific playbooks)

These actions translate the structural and predictive evidence into “what to do next.”
They respect the Stage-2 formative nature of SPEED, DIV, RC, and the Stage-1 reflective
validation.

Model A Agility-led (parallel predictors)

What the data say. RC—PF is supported; SPEED—PF and DIV—PF are not. What to do:

1. Invest in relationships first (customer feedback loops, partner co-development,
institutional ties) to unlock direct PF gains.

2. Gate speed with readiness checks (capacity, cash, capability owner); accelerate only when
bottlenecks are cleared.

3. Use short learning loops (post-launch debriefs, monthly KPI reviews) to prevent “fast-but-
shallow” pivots.

Model B Relationship-led

What the data say. RC—DIV, DIV—PF, and RC—PF are supported; RC—SPEED is
not robust; only the mediation RC—DIV—PF is implied and supported.
What to do.

1. Channel RC into focused diversification (portfolio cap, stage-gate kill/scale decisions).

2. Govern partner work (joint steering, shared metrics) to keep scope expansion disciplined.

3. Monetize network access by prioritizing fewer, higher-return moves rather than broad
expansion.

Model C Big-bet

What the data say. The tabled SPEED—MG and MG—PF links show support, yet the

SPEED—MG—PF indirect link is not supported, and RC—PF is not supported in this

structure.

What to do.

1. Concentrate on one or two major reconfigurations backed by anchor partners; avoid
frequent tinkering.

2. Stage big bets with milestone funding and stop/go gates; measure realized impact, not
activity volume.

3. Embed partners early so magnitude gains translate into PF.

Model E Dual-lever (no direct RC—PF)

What the data say. RC—DIV, RC—SPEED, DIV—PF, SPEED—PF all supported; both

mediations supported. What to do:

1. Bundle capabilities: pair new products/channels (DIV) with partner access (RC) and
execution pacing (SPEED).

2. Slow down to go fast: impose quality thresholds (pilot revenue, defect rates) before
scaling speed.

3. Build integration roles (alliance/key-account leads) that translate RC into revenue at
speed.
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Policy implications (targeted public programs)

1. Network brokerage & matchmaking (A/E): curated buyer—supplier—financier matches +
facilitated MoUs to turn RC into monetizable scope.

2. Diversification clinics (B): portfolio discipline, project selection, exit rules—so RC-
enabled scope reliably converts to PF.

3. Co-development pilots (C): vouchers requiring MSME—partner pairs to execute one big
reconfiguration, not many small tweaks.

4. Integration-talent schemes (A/E): subsidize boundary-spanning roles (alliance, key
account) with outcome-based stipends.

5. Sector hubs with light governance: align with observed archetype tilts (e.g., Culinary —
B-heavy; Technology — E-only) to reduce coordination frictions and speed diffusion of
good practices.

Implementation roadmap (metrics and cadence)

Adopt a quarterly operating rhythm with three leading indicators that correspond to the
retained logics:

1. Pipeline quality — share of diversification projects with >1 committed partner (LOI).

2. Learning velocity — % projects completing a formal review <30 days after milestones.

3. Conversion yield — ratio of partnered projects reaching break-even vs. unpartnered.
Tie these to two gates (Gate-1: partner commitment; Gate-2: pilot evidence), matching our
finding that relationships + scope outperform speed alone, and that speed works best
inside that bundle (Model E).

Limitations and future research

First, the single-province MSME sample limits external validity; replication with
sector-balanced, multi-region panels is needed. Second, while we used PLSc, two-stage
HOCs, and out-of-sample prediction, identification remains observational; future work can
add designs with shocks (policy changes) or instruments. Third, industry heterogeneity is
statistically significant but modest (¥* p < .05; small-moderate Cramér’s V); richer sectoral
covariates and longitudinal data may surface stronger contingencies.

Future research should (i) test governance conditions (owner dominance, external
influence) as moderators within archetypes, (ii) examine digital-channel maturity as a lever
interacting with RC, and (iii) evaluate policy pilots (e.g., brokerage vouchers) via randomized
rollout.

Conclusion

By contrasting rival capability logics on a validated measurement architecture—and
mapping each firm to the model that best predicts its performance—we deliver a decision-
ready lens for MSMEs and policymakers. The core message is simple: relationships are the
engine; scope is the gearbox; and speed delivers when those two are meshed (as in Model E).
Aligning investments and public programs to that reality is more reliable than generic “move
faster” prescriptions.

This study not only complements the existing literature but also actively challenges
several fundamental assumptions in strategic management and MSME studies. Here are four
key challenges these findings pose to scholars in the field. Dynamic Capabilities Are Not
Monolithic Concepts, But Rather Archetypal Configurations. Many studies on dynamic
capabilities, such as those by Bitencourt et al. (2020) and Weaven et al. (2021), tend to treat
capabilities (such as sensing, seizing, and reconfiguring) as a series of independent variables
that generally have a positive impact on performance.
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This study challenges these parallel and additive views. The findings suggest that the
interaction and sequence of capabilities are far more important than the presence of each
capability in isolation. Model A (Agility-led), which most closely approximates the
conventional view that capabilities operate independently, fails to significantly explain the
path to performance, except for Relational Capital. In contrast, the Dual-lever (Model E)
archetype suggests that the value of new capabilities emerges when they are properly
configured: a relationship that simultaneously enables scope and speed.

Is the common dynamic capabilities framework outdated for the MSME context?
Should the theory shift from "what capabilities matter?" to "which capability configurations
work, and in what order?"

The "Faster is Better" Assumption is a Dangerous Myth for MSMEs. The literature
often links speed and agility directly to better performance. For example, Wang et al. (2018)
found that innovation speed mediates the relationship between intellectual capital and
performance, while Troise et al. (2022) highlighted the role of agility in the digital age.

This study fundamentally challenges the linear assumption that “faster is always better.”
Evidence from research in West Java suggests that Speed of Adaptation is a double-edged
sword. Without a clear relational foundation and direction for diversification, speed does not
lead to better performance and can even be negatively correlated, as implied by the Model D
analysis. Speed only becomes valuable when it is part of a dual-lever archetype, where it
serves as an accelerator for an already solid strategy, rather than as a strategy in itself.

Should we stop examining speed as a direct antecedent of performance? Instead, should
theory begin modeling speed as a dependent variable (the outcome of other capabilities) or as
a moderator that is only active under certain conditions (e.g., high levels of Relational
Capital)? Relational Capital Is Not Just an 'Asset,’ But an Enabling Meta-Capability. Scholars
such as Yi et al. (2016) and Long & Zhao (2022) have made important contributions by
demonstrating that relational capital supports capability development and performance.
However, they often position it as one of several important factors.

This research challenges the position of Relational Capital (RC) as equivalent to other
capabilities. The findings suggest that RC should be viewed as a higher-order enabler or
"meta-capability.” RC is not an option, but rather a prerequisite. Models B and E explicitly
show that RC is the starting point that activates diversification and speed. Without RC, the
other capability "engines™ cannot be effectively ignited.

Are current theoretical models of MSME performance inadequate because they fail to
capture the hierarchical nature of capabilities? Should future models explicitly position RC as
a causal antecedent of other dynamic capabilities, rather than as a parallel predictor?

Statistical Significance Alone Is Not Enough; Theory Must Have Predictive Validity.
Standard research practice in the social sciences and management often stops at testing the
significance of hypotheses in samples (in-sample fit), as seen in many of the referenced
studies. This study challenges this entire paradigm by integrating rival model testing and out-
of-sample predictive validation (PLSpredict) as the core of its analysis. Its findings suggest
that a model may be statistically significant, but lack meaningful predictive power in the real
world. By mapping each company to the archetype that most accurately predicts its
performance, this study sets a new standard:

Are we as an academic community focusing too much on explanatory power
(explaining variance in existing data) and neglecting predictive power (the ability to predict
new outcomes)? Should journals and doctoral programs require researchers to test their
theories against plausible rival models and report predictive validation metrics as a condition
of publication?
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